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● CDC mandates COVID-19 case reporting but:
○ Lack info on patient demographics
○ Interoperable health information infrastructure needed

● We used our clinical data warehouse and common data model to 
answer the CDC’s request

“To understand the proportion of patients who present with acute 
respiratory illnesses being clinically tested for COVID-19 over time across 
age, sex, ethnicity and race”

Methods

● 5 data updates: 6/10/2020 - 7/21/2020
○ 44,240 patients with respiratory symptoms
○ 79,200 patients receiving SARS-CoV2 tests
○ Update in 3 min, re-run on-demand

● tinyurl.com/stanfordcovidcdcmmwr

● OMOP-CDM served urgent public health need by facilitating rapid, iterative 
reporting for clinical trends during a pandemic.

● Limitations: Missing values (workflow/transformation issues?)

age variable value Range

[00, 05) ARIVisitInTimeRange 6445 ['2020-01-01', '2020-06-28']

[05, 18) ARIVisitInTimeRange 8468 ['2020-01-01', '2020-06-28']

[18, 50) ARIVisitInTimeRange 13934 ['2020-01-01', '2020-06-28']

[00, 05) SARSCoV2TestedInTimeRange 1495 ['2020-01-01', '2020-06-28']

[05, 18) SARSCoV2TestedInTimeRange 2944 ['2020-01-01', '2020-06-28']

[18, 50) SARSCoV2TestedInTimeRange 31214 ['2020-01-01', '2020-06-28']

[00, 05) SARSCoV2DetectedInTimeRange 28 ['2020-01-01', '2020-06-28']

[05, 18) SARSCoV2DetectedInTimeRange 82 ['2020-01-01', '2020-06-28']

[18, 50) SARSCoV2DetectedInTimeRange 1055 ['2020-01-01', '2020-06-28']
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Total 
visits  6445  8468 13934 6537  3408  1816  453
No. 

tested 1495 2944 31214 13453 8190 4428 995
No. 

positive 28 82 1055 470 206 127 50

age variable value range

[00, 05) firstorLastARItoFirstSARSCoV2TestedInDayRange 199 [-1, 14]

[05, 18) firstorLastARItoFirstSARSCoV2TestedInDayRange 369 [-1, 14]

[18, 50) firstorLastARItoFirstSARSCoV2TestedInDayRange 4091 [-1, 14]

[00, 05) firstorLastARItoFirstSARSCoV2DetectedInDayRange 18 [-1, 14]

[05, 18) firstorLastARItoFirstSARSCoV2DetectedInDayRange 42 [-1, 14]

[18, 50) firstorLastARItoFirstSARSCoV2DetectedInDayRange 451 [-1, 14]

Table Design ARI & COVID associations

Automated with TracebackSingle Point of Truth

● Stanford Medicine STARR-OMOP1 de-identified 
data warehouse, in  OMOP-CDM schema2, 

accessed via Google BigQuery.
○ Rapid Prototyping
○ Interoperable (Common Data Model)
○ Data Transfer Agreement

Introduction

Conclusion

Results

● Visits related to respiratory 
illnesses (ICD10CM codes)

● SARS-CoV2 NAAT tests and 
results

● Age, gender, race,  ethnicity
● Metadata

(borrowed with permission from 1)
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